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Abstract

This paper proposes a prediction method with machine learning based on a decision tree for life
insurance purchases to develop the predictive method for the classification of the life insurance purchase and
to evaluate the effectiveness of the prediction method for the classification of the life insurance purchase. The
proposed prediction method considered 4 independent variables, such as gender, occupational level, salary
base, and status. The experimental results for all customers who chose to purchase the life insurance showed
that the method of Naive Bayes received an accuracy of 78.64 percent, the method of support vector machine
received the accuracy of 80.96 percent, the method of the artificial neural network received the accuracy of

81.77 percent, and the method of decision tree received the accuracy of 81.81 percent. For all results, the
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prediction method with machine learning based on decision tree for the classification of the life insurance

purchase received the maximum effectiveness with the accuracy of 81.81.

Keywords: Predicting, Insurance, Life Insurance
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