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Abstract

Wearing a mask for closing the mouth and nose or wearing glasses obscures a face that a face
recognition system cannot identify that person correctly. Therefore, the persons that will access an office using
a personal face recognition system may take time to remove the mask and the glasses. Personal face recognition
technology is one innovative technology that can use for sustainable community development through
surveillance. This paper proposes a method for recognizing a personal face by using the dataset that includes
an overall face that is a full face and a specific face with the fullness of faces with some parts of the face are
obscured for creating a model of face recognition with 3 techniques of machine learning with Logistic Regression,
Support Vector Machine, and Random Forest. Voting of 3 techniques is defined by the average value for

representing the proposed person face recognition method. The experimental results using the training dataset
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of 100 images and the testing dataset of 100 images showed that the average value of the accuracy for the

proposed face recognition method was 88.33 percent.
Keywords: Face Recognition Logistic Regression Support Vector Machine Random Forest Technique
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